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Abstract: Artificial intelligence (AI)-related technological developments and ground-breaking discoveries have had a 

significant impact on a variety of facets of human life and will continue to do so in the future. Artificial intelligence is 
being avidly adopted by a variety of industries, including tourism and travel, healthcare and pharmaceuticals, industrial 

manufacturing and production, telecommunications, and education. This study aims to comprehend how investors feel 

about the usage of Robo Advisory, a form of artificial intelligence, in the financial services industry, especially in the area 

of Wealth Management. This study intends to ascertain the potential impact of artificial intelligence on asset management 

from the perspectives of investors with different ages and risk tolerances. To achieve the study's research aims, a survey 

approach was chosen as the research methodology. The study also attempted to evaluate the advantages and 

disadvantages of Robo Advisory in the context of wealth management. 
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1. Introduction 
In recent years, the wealth management industry has seen a revolution. For several years, customers' trust in 

conventional wealth management services has been deteriorating. On the other hand, there is a strong inclination for 

using digital technology to support investment management and a demand for goal-based planning to create engaging 

client experiences. The reliance on digital technology, changing patterns in consumer channel preferences, and changing 

spending habits have all contributed to the expansion of digital advice-based wealth management. In order to address this, 

wealth management companies have started developing and implementing artificial intelligence-based services that 

provide customers with immediate financial advice at their convenience (Singh & Kaur, 2017). 

 

Investment companies using computers that resemble robots have recently started offering financial advice 

services. These services are referred to as "Robo-advisors." According to Wikipedia, "Robo-advisors are digital platforms 

that offer automated, algorithm-based financial planning services with little to no human oversight" (Ayn, 2019). As 

online platforms for financial advice, Robo-advisors offer investment management services like automated portfolio 
construction, automatic asset allocation, online risk assessments, account rebalancing, and a number of other digital tools 

(E&Y Report, 2018). Robo advisors' main advantage is that it eliminates the need for a human financial advisor to 

manage someone's finances. 

 

Customers of Robo Advisors get quick access to all of their portfolios via a software-based application. Robo 

financial advisory services can be obtained quickly, more affordably, openly, and fairly than human-based financial 

counselling services. The use of robot advisers in asset management has been quite successful in recent years. In a survey, 

the top four Robo-advisors managed $128 billion in assets as of November 2017, up from $88 billion in 2015 (E&Y 

Report, 2018). 

 

2. Review of Literature  
400 clients in the United States who were over the age of 18 and had bank accounts participated in a study 

conducted by Kearney (2015). Customers' financial decision-making processes, knowledge of Robo Advisory services, 

and desire and readiness to employ them were all examined by the author. The results show that Robo Advisory will 

grow quickly and that more people will choose to use digital platforms in place of hiring a physical financial adviser. The 

analysis predicts that traditional players would likely lower their fees, which would lead to a decline in overall asset 

management profitability. In an intriguing study, Lam (2016) described how Robo-Advisors allocate assets via a mean-

variance analysis-based methodology. Emphasizing how ETFs contribute to net-of-fee, after-tax, risk-adjusted portfolio 
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returns and use threshold-based rebalancing to maintain investing discipline, he demonstrated how exchange-traded funds 

(ETFs) are used to represent each asset class. This study looked at numerous Robo-Advisers' performance and how they 

differ from human advisors. Similar to this, Rasiwala and Kohli (2019) looked into people's awareness of and attitudes 

regarding employing services provided by robot advisors for portfolio management. In Pune, Maharashtra, for the study, 

50 investors were questioned. Participants in the study ranged in age from 25 to 45. According to the survey, Indian 

investors were more knowledgeable about Robo Advisory services than other investors in terms of usage, application, and 

understanding. 

 

3. Research Methodology  

The descriptive research design method was used in this study. The authors created a quantitative survey tool to 

gather information from investors who engage in share trading and investment (Churchill &Iacobucci, 2006). 

 

4. Sample 

4.1 Sample and Setting  

The study's goal was to examine how potential users of robo advisors for wealth management conceptualise the 

idea. The responses came from a database of investors, picked at random. The survey includes investors in Tamilnadu, 

India's Chennai Region. 220 individuals with an intermediate to advanced level of asset management knowledge made up 

the study's full sample. The investors in the study are represented in Table 1 by their demographic traits. 

 

Table 1: Demographics Profile 

Variable Category Frequency % 

Gender 
Male 237 77.7 

Female 68 22.3 

Age 

Below 25 years  13 4.3 

25 to 35 years  111 36.4 

35 to 45 years  138 45.2 

45 to 55 years 25 8.2 

Above 55 years 18 5.9 

Income 

5 to 10 lakhs 60 19.7 

10 to 25 lakhs 194 63.6 

25 to 50 lakhs 36 11.8 

Above 50 lakhs 15 4.9 

Total 305 100.0 

 

According to Table 1, there were 77.7% more male investors than female investors, who made up only 22.3% of 

the total. Men make up the majority of investors, which is consistent with the gender profile of everyday life in India. The 

majority of investors (45.2%) were between the ages of 35 and 45, followed by those between the ages of 25 and 35 

(36.4%) and 45 and 55 (45.2%). (45.2 percent ). 8.2 percent. Unexpectedly, participants under 25 years of age (5.2%) and 

those over 55 years of age (5.2%) were included in the study (4.3 percent ). According to their annual income levels, the 

majority of the study's investor respondents made between 10 and 25 lakhs per year (63.6 percent ). Investors making 

between 5 and 10 lakhs per year (19.7%), 25 and 50 lakhs per year (11.8%), and more than 50 lakhs per year (11.8%) 

came next (4.9 percent ). 

 

4.2Results and Discussion 

4.2.1Duration of Investment 
 

Table 2 looks at how long the investment is being sought after. Individuals interested in investing for 18 to 36 

months were the next most common time frame (67.2%) for investors (21.0 percent ). A further 3.3 percent of investors 

were interested in projects that lasted 9 to 18 months, while 7.5% of investors were interested in investments lasting 3 to 

9 months. Overall, just one percent of study participants (1.0%) desired to make investments for a little time (up to 3 

months). 

 

Table 2: Duration for which the investment is sought 

 

Duration Frequency % 

Less than 3 months 3 1.0 
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3-9 months 23 7.5 

9-18 months 10 3.3 

18-36 months 64 21.0 

Above 36 months 205 67.2 

Total 305 100.0 

 

4.2.2Knowledge Level in Financial Investments 

Information on the investor's investment knowledge was acquired through research. According to Table 3, a 

sizable portion of investors (58.0%) have a moderate comprehension of investments. Just 4.9 percent of investors in the 

study revealed having minimal investment expertise, compared to the approximately 37.0 percent of investors who 

claimed to have considerable investing knowledge.. 

 

Table 3: Knowledge in Investment 

Knowledge Level Frequency % 

Limited Knowledge 15 4.9 

Moderate Knowledge 177 58.0 

Extensive Knowledge 113 37.0 

Total 305 100.0 

 

4.2.3Investment objectives 

The investing objectives, which are used to evaluate investors' motivation to invest, are shown in Table 4. The 

most common justification for investing was growth orientation (57.4% of investors). 24.9 percent of those surveyed said 

their investment objectives were growth and income. Unexpectedly, 5.2 percent of investors invested in defensive 
securities, 4.3 percent in growth securities, and 4.6 percent in specialist securities. Only 2.3% of investors invested 

exclusively for safety, while 1.3% invested exclusively for income. 

 

Table 4: Investment Objectives 

Investment objectives Frequency % 

Safety 7 2.3 

Defensive 16 5.2 

Income Oriented 4 1.3 

Growth & Income 76 24.9 

Growth Oriented 175 57.4 

Growth 13 4.3 

Specialist Investing 14 4.6 

Total 305 100.0 

 

4.2.4Investment Portfolio 

Table 5's analysis of the investors' investment portfolio yields some interesting results. Equity funds (58.7%%) 

are the most popular type of investment, followed by balanced funds (16.7%), shares, commodities trading, and other 

investments (11.8%), fixed deposits (9.8%), and debt funds (9.8 percent ). 

 

Table 5: Investment Portfolio 

Investment Portfolio  Frequency % 

Fixed deposits only 30 9.8 

Debt funds 9 3.0 

Balanced funds 51 16.7 

Equity funds 179 58.7 

Shares, commodity trading, etc.  36 11.8 

Total 305 100.0 

 

4.2.5Robo Advisory as an Alternative to Personal Wealth Advisors 
The study of the investors' investment portfolio in Table 5 produces some intriguing findings. The most popular 

investment category is equity funds (587.7%), followed by balanced funds (16.7%), stocks, commodities trading, and 

other investments (11.8%), fixed deposits (9.8%), and debt funds (9.8 percent ). 

 

Table 6: Robo Advisory as an Alternative to Personal Wealth Advisors 

Applicability  Frequency % 

Yes 93 30.5 
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No 82 26.9 

Maybe 130 42.6 

Total 305 100.0 

 

4.2.6 Tentative Time Taken to Replacement 

The survey looked at investors' opinions on the question of how much human advisors will be able to be 

replaced by robots in asset management. 37.0 percent of investors said that it would take 10 years for robot advisors to 

completely replace their human counterparts (Table 7). Robo Advisors are expected to be widely used in 5 to 10 years, 

according to 31.1 percent of investors, and in 3 to 5 years, according to 17.4 percent. In the next three years, only 14.4% 

of investors think robot advisers will totally replace human advisors. 

 

Table 7: Tentative Time Taken to Replacement 

Time to Replacement Frequency % 

In 3 years from now 44 14.4 

3 to 5 years 53 17.4 

5 to 10 years 95 31.1 

Beyond 10 years 113 37.0 

Total 305 100.0 

 

4.2.7 Robo Advisory as a game changer 

 

According to 57.4 percent of the investors surveyed for the study, robo advisory will only be available to a select 
group of investors (Table 8). However, according to 25.9% of investors, most investors will migrate to Robo Advisory. 

However, 16.7% of investors think that the Robo Advisory will not significantly affect them. 

 

Table 8: Robo Advisory as a game changer 

Robo Advisory as a game changer Frequency % 

Majority of investors will move to Robo Advisory 79 25.9 

Limited to niche set of investors 175 57.4 

Unlikely that Robo Advisory will influence investors 51 16.7 

Total 305 100.0 

 

4.3Hypothesis Testing  

Hypothesis 1: There is no significant difference among the investors with differentgender, age, income level and the 

duration of their investment.  

Hypothesis 2: There is no significant difference among the investors with different gender, age, income level and 

investment knowledge.  

Hypothesis 3: There is no significant difference among the investors with different gender, age, income level and the 

scope of Robo advisory.  
Hypothesis 4: There is no significant difference among the investors with different gender, age, income level and their 

preference towards the Robo advisor.  

Hypothesis 5: There is no significant difference among the investors with different gender, age, income level and their 

preference towards the Robo advisor.  

Hypothesis 6: There is no significant difference among the investors with different gender, age, income level and factors 

influencing the application of Robo advisory in investments.  

 

4.3.1 Hypothesis 1: There is no significant difference among the investors with different gender, age, income 

level and the duration of their investment.  

 

Gender Vs Duration of Investment 

Chi Square Analysis was conducted to test the hypothesis (Table 9-11). 

 

Table 9: Chi-square Analysis between Gender and Duration of Investment 

Duration of 

Investment 

Gender 
Chi-Square p-value 

Male Female Total 

Less than 3 months 

3 

(100.00%) 

[1.3%] 

0 

(0.00%) 

[0.00%] 

3 

(100.00%) 

[1.0%] 

22.67 0.00** 
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3-9 months 

10 

(43.50%) 

[4.2%] 

13 

(56.50%) 

[19.1%] 

23 

(100.00%) 

[7.50%] 

9-18 months 

10 

(100.00%) 

[4.2%] 

0 

(0.00%) 

[0.00%] 

10 

(100.00%) 

[3.3%] 

18-36 months 
46 
(71.9%) 

[19.4%] 

18 
(28.1%) 

[26.5%] 

64 
(100.00%) 

[21.00%] 

Above 36 months 

168 

(82.0%) 

[70.9%] 

37 

(18.0%) 

[54.4%] 

205 

(100.00%) 

[67.2%] 

Total 

237 

(77.7%) 

[100.0%] 

68 

(22.3%) 

[100.0%] 

305 

(100.00%) 

[100.00%] 

Note: 1. The value within ( ) refers to Row percentage 

          2. The value within [ ] refers to Column percentage 

          3. ** Denotes significant at 1% level 

The Null Hypothesis is rejected at the 1% level since the p-value is less than 0.01, as shown in Table 9. As a 

result, there is a significant difference in investment duration between male and female investors (2(1) = 22.67; p<0.01). 

 

Age Vs Duration of Investment 

 

Table 10: Chi-square Analysis between Age and Duration of Investment 

Duration of 

Investment  

Age Chi-

Square 

Value 

p-value Less than  

25 years  

25 to 35 

years  

35 to 45 

years  

45 to 55 

years  

Above 55 

years Total 

Less than 3 

months 

0 
(0.0%) 

[0.0%] 

0 
(0.0%) 

[0.0%] 

3 
(100.0%) 

[2.2%] 

0 
(0.0%) 

[0.0%] 

0 
(0.0%) 

[0.0%] 

3 
(100.0%) 

[1.0%] 

185.01 0.00 

3-9 months 

13 6 4 0 0 23 

(56.5%) (26.1%) (17.4%) (0.0%) (0.0%) (100.0%) 

[100.0%] [5.4%] [2.9%] [0.0%] [0.0%] [7.5%] 

9-18 months 

0 3 3 2 2 10 

(0.0%) (30.0%) (30.0%) (20.0%) (20.0%) (100.0%) 

[0.0%] [2.7%] [2.2%] [8.0%] [11.1%] [3.3%] 

18-36 months 

0 27 25 10 2 64 

(0.0%) (42.2%) (39.1%) (15.6%) (3.1%) (100.0%) 

[0.0%] [24.3%] [18.1%] [40.0%] [11.1%] [21.0%] 

Above 36 

months 

0 75 103 13 14 205 

(0.0%) (36.6%) (50.2%) (6.3%) (6.8%) (100.0%) 

[0.0%] [67.6%] [74.6%] [52.0%] [77.8%] [67.20%] 

Total 

13 111 138 25 18 305 

(4.3%) (36.4%) (45.2%) (8.2%) (5.9%) (100.0%) 

[100.0%] [100.0%] [100.0%] [100.0%] [100.0%] [100.0%] 

Note: 1. The value within ( ) refers to Row percentage 

          2. The value within [ ] refers to Column percentage  

          3. ** Denotes significant at 1% level 

 

The Null Hypothesis is rejected at the 1% level since the p-value is less than 0.01, as shown in Table 10. As a 

result, there is a significant variation in the investment length between investors of various ages (2(4) = 185.05; p<0.01). 
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Income Vs Duration of Investment 

 

Table 11: Chi-square Analysis between Income and Duration of Investment 

Duration of 

Investment 

Income 

Total 

Chi-

Square 
p-value 

5 to 10 lacs 10 to 25 lacs 25 to 50 lacs Above 50 lacs 

Less than 3 

months 

0 3 0 0 3 

48.29 0.00 

(0.0%) (100.0%) (0.0%) (0.0%) (100.0%) 

[0.0%] [1.5%] [0.0%] [0.0%] [1.0%] 

3-9 months 

9 14 0 0 23 

(39.1%) (60.9%) (0.0%) (0.0%) (100.0%) 

[15.0%] [7.2%] [0.0%] [0.0%] [7.5%] 

9-18 months 

8 0 0 2 10 

(80.0%) (0.0%) (0.0%) (20.0%) (100.0%) 

[13.3%] [0.0%] [0.0%] [13.3%] [3.3%] 

18-36 months 

9 47 8 0 64 

(14.1%) (73.4%) (12.5%) (0.0%) (100.0%) 

[15.0%] [24.2%] [22.2%] [0.0%] [21.0%] 

Above 36 

months 

34 130 28 13 205 

(16.6%) (63.4%) (13.7%) (6.3%) (100.0%) 

[56.7%] [67.0%] [77.8%] [86.7%] [67.2%] 

Total 

60 194 36 15 305 

(19.7%) (63.6%) (11.8%) (4.9%) (100.0%) 

[100.0%] [100.0%] [100.0%] [100.0%] [100.0%] 

Note: 1. The value within (   ) refers to Row percentage 

          2. The value within [   ] refers to Column percentage 

          3. ** Denotes significant at 1% level 

 

The Null Hypothesis is rejected at the 1% level since the p-value is less than 0.01, as shown in Table 11. As a 
result, there is a significant variation in the length of investment across investors with various income levels (χ2(1)= 

48.29; p<0.01). 

 

4.3.2 Hypothesis 2: There is no significant difference among the investors with different gender, age, income level and 

investment knowledge.  

Chi Square Analysis was conducted to test this hypothesis (Table 12-Table Table 14). 

Gender Vs Investment Knowledge 

 

Table 12: Chi-square Analysis between Gender and Investment Knowledge 

Investment 

knowledge  

Gender 
Total Chi-Square p-value 

Male Female 

Limited 

Knowledge 

9 

(60.0%) 

[3.8%] 

6 

(40.0%) 

[8.8%] 

15 

(100.0%) 

[4.9%] 

4.816 0.090 

Moderate 
Knowledge 

114 
(81.4%) 

[60.8%] 

33 
(18.6%) 

[48.5%] 

177 
(100.0%) 

[58.0%] 

Extensive 

Knowledge 

84 29 113 

(74.3%) (25.7%) (100.0%) 

[35.4%] [42.6%] [37.0%] 

Total  

237 68 305 

(77.7%) (22.3%) (100.0%) 

[100.0%] [100.0%] [100.0%] 

Note: 1. The value within ( ) refers to Row percentage 

          2. The value within [ ] refers to Column percentage  

 

The Null Hypothesis is accepted since the p-value is larger than 0.05, as shown in Table 12. As a result, there is 

no significant difference in investment expertise between male and female investors (χ2(1) = 4.816; p>0.05). 
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Age Vs Investment knowledge 

 

Table 13: Chi-square Analysis between Age and Investment knowledge 

Investment 

knowledge  

Age 

Total 
Chi-

Square 
p-value Less than 25 

years 

25 to 35 

years 

35 to 45 

years 

45 to 55 

years 

Above 55 

years 

Limited 

Knowledge 

0 13 0 2 0 15 

34.43 0.00** 

(0.0%) (86.7%) (0.0%) (13.3%) (0.0%) (100.0%) 

[0.0%] [11.7%] [0.0%] [8.0%] [0.0%] [4.9%] 

Moderate 

Knowledge 

13 52 86 12 14 177 

(7.3%) (29.4%) (48.6%) (6.8%) (7.9%) (100.0%) 

[100.0%] [46.8%] [62.3%] [48.0%] [77.8%] [58.0%] 

Extensive 

Knowledge 

0 46 52 11 4 113 

(0.0%) (40.7%) (46.0%) (9.7%) (3.5%) (100.0%) 

[0.0%] [41.4%] [37.7%] [44.0%] [22.2%] [37.0%] 

Total 

13 111 138 25 18 305 

(4.3%) (36.4%) (45.2%) (8.2%) (5.9%) (100.0%) 

[100.0%] [100.0%] [100.0%] [100.0%] [100.0%] [100.0%] 

Note: 1. The value within ( ) refers to Row percentage 

          2. The value within [ ] refers to Column percentage  

          3. ** Denotes significant at 1% level 

 

The Null Hypothesis is rejected at the 1% level since the p-value is less than 0.01, as shown in Table 13. As a 

result, there is a significant difference in investing expertise between investors of various ages (χ2(4) = 34.43; p<0.01). 

 

Income Vs and Investment knowledge 

 

Table 14: Chi-square Analysis between Income and Investment knowledge  

Investment 

knowledge  

Income 
Total Chi-Square 

p-value 

 5 to 10L 10 to 25L 25 to 50L Above 50L 

Limited 

Knowledge 

7 6 2 0 15 

13.46 0.036* 

(46.7%) (40.0%) (13.3%) (0.0%) (100.0%) 

[11.7%] [3.1%] [5.6%] [0.0%] [4.9%] 

Moderate 

Knowledge 

40 108 20 9 177 

(22.6%) (61.0%) (11.3%) (5.1%) (100.0%) 

[66.7%] [55.7%] [55.6%] [60.0%] [58.0%] 

Extensive 

Knowledge 

13 80 14 6 113 

(11.5%) (70.8%) (12.4%) (5.3%) (100.0%) 

[21.7%] [41.2%] [38.9%] [40.0%] [37.0%] 

Total 

60 194 36 15 305 

(19.7%) (63.6%) (11.8%) (4.9%) (100.0%) 

[100.0%] [100.0%] [100.0%] [100.0%] [100.0%] 

Note: 1. The value within ( ) refers to Row percentage 

          2. The value within [ ] refers to Column percentage  

          3. ** Denotes significant at 5% level 
 

The Null Hypothesis is accepted since the p-value is greater than 0.05, as seen in Table 14. As a result, there is 

no significant difference in investing knowledge across investors with different income levels (χ2(3)= 13.46; p<0.05). 

 

4.3.3. Hypothesis 3: There is no significant difference among the investors with different gender, age, income 

level and the scope of Robo advisory.  

 

Gender Vs Scope of Robo Advisory 
Independent Sample t-test was conducted to test this hypothesis (Table 15) with gender as the independent 

variable and Scope of Robo Advisory as the dependent variable.  

 

Table 15: Independent Sample t-test between Gender and Scope of Robo Advisory 



International Journal of Early Childhood Special Education (INT-JECSE) 

DOI:10.9756/INTJECSE/V14I5.793 ISSN: 1308-5581 Vol 14, Issue 05 2022 

 

6387 

 

Gender N Mean 
Std. 

Deviation 

t-value p-value 

Male 237 3.12 0.74 
6.11 0.00** 

Female 68 3.74 0.76 

The Null Hypothesis is rejected at the 1% level since the p-value is less than 0.01, as shown in Table 15. As a 

result, there is a significant variation in the breadth of Robo advisory between male and female investors (t=6.11, 

p<0.01). 

 

Age Vs Scope of Robo Advisory 

One-way ANOVA test was conducted to test this hypothesis (Table 16) with Age group of the investors as the 

independent variable and Scope of Robo Advisory as the dependent variable.  
 

Table 16: One-way ANOVA between Age and Scope of Robo Advisory 

 Sum of Squares df Mean Square F Sig. 

Between Groups 8.85 4 4.71 8.31 0.00** 

Within Groups 170.19 300 0.56   

Total 189.05 304    

 

The Null Hypothesis is rejected at the 1% level since the p-value is less than 0.01, as shown in Table 16. As a 

result, there is a significant variation (F=8.310, p<0.01) in the breadth of Robo advice across investors of different ages. 

 

Income Vs Scope of Robo Advisory 
One-way ANOVA test was conducted to test this hypothesis (Table 17) with Income level of investors as the 

independent variable and Scope of Robo Advisory as the dependent variable.  

 

Table 17: One-way ANOVA between Income and Scope of Robo Advisory 

 
Sum of 

Squares Df Mean Square F Sig. 

Between Groups 0.67 3 0.22 0.35 0.78 

Within Groups 188.37 301 0.62   

Total 189.05 304    

The Null Hypothesis is accepted since the p-value is larger than 0.05, as seen in Table 17. As a result, there is no 
significant variation (F=0.359, p>0.05) in the breadth of Robo advice across investors with different income levels. 

 

4.3.4 Hypothesis 4: There is no significant difference among the investors with different gender, age, income 

level and their preference towards the Robo advisor 

 

Gender Vs Preference towards Robo Advisory 

Independent Sample t-test was conducted to test this hypothesis (Table 15) with gender as the independent 

variable and Preference towards Robo Advisory as the dependent variable. Preference towards Robo Advisory was 

measured using four variables namely Cost reduction, Potential to evaluate and analyze a larger set of data, Avoid human 

judgment and error and Ease of investment. 
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Table 18: Independent Sample t-test between Gender and Preference towards Robo Advisory 

Preference towards Robo 

Advisory 
Gender N Mean 

Std. 

Deviation 

t-value p-value 

Cost reduction 
Male 237 3.71 1.01 1.660 0.098 

Female 68 3.48 0.96   

Potential to evaluate and analyze 

a larger set of data 

Male 237 4.08 0.84 1.384 0.167 

Female 68 3.92 0.86   

Avoid human judgment and error 
Male 237 3.88 1.02 0.926 0.355 

Female 68 3.75 1.11   

Ease of investment 
Male 237 3.80 0.94 2.693 0.007** 

Female 68 3.44 1.08   

Table 18 shows that the p-value is greater than 0.05 for the variables like Cost reduction and Potential to 

evaluate and analyze a larger set of data andAvoid human judgment and error. However, p-value was less than 0.05 for 

Ease of investment. Thus, the Null Hypothesis is rejected for Ease of investment and accepted for all other variables. 
Therefore, there is no significant difference between male and female investors on Preference towards Robo Advisory. 

 

Age Vs Preference towards Robo Advisory 
One-way ANOVA t-test was conducted to test this hypothesis (Table 19) with Age as the independent variable 

and Preference towards Robo Advisory as the dependent variable. Preference towards Robo Advisory was measured 

using four variables namely Cost reduction, Potential to evaluate and analyze a larger set of data, Avoid human judgment 

and error and Ease of investment. 

 

Table 19: One-way ANOVA between Age and Preference towards Robo Advisory 

Preference towards Robo Advisory Sum of Squares df 
Mean 

Square 
F Sig. 

Cost reduction 

Between Groups 3.78 4 0.94 0.92 0.44 

Within Groups 306.01 300 1.02   

Total 309.80 304    

Potential to evaluate and 

analyze a larger set of data 

Between Groups 0.07 4 0.01 0.02 0.99 

Within Groups 221.08 300 0.73   

Total 221.16 304    

Avoid human judgment 

and error 

Between Groups 3.79 4 0.94 0.87 0.48 

Within Groups 326.70 300 1.08   

Total 330.49 304    

Ease of investment 

Between Groups 13.39 4 3.34 3.56 0.00** 

Within Groups 282.12 300 0.94   

Total 295.51 304    

Table 19 shows that the p-value is greater than 0.05 for all the variables except Ease of investment. Thus, the 

Null Hypothesis is accepted for all these three variables. However, the null hypothesis was rejected for Ease of 
investment as the p-value is less than 0.05. Therefore, the hypothesis that there is no significant difference between 

investors with different Age on Preference towards Robo Advisory was accepted for all the variables except “Ease of 

investment”.  

 

Income Vs Preference towards the Robo advisory 

One-way ANOVA t-test was conducted to test this hypothesis (Table 20) with Income level of investors as the 

independent variable and Preference towards Robo Advisory as the dependent variable. Preference towards Robo 

Advisory was measured using four variables namely Cost reduction, Potential to evaluate and analyze a larger set of data, 

Avoid human judgment and error and Ease of investment. 

 

Table 20: One-wayANOVA between Income and Preference towards Robo Advisory 

Preference towards Robo Advisory Sum of Squares df 
Mean 

Square 
F Sig. 

Cost reduction 

Between Groups 6.49 3 2.16 2.14 0.09 

Within Groups 303.31 301 1.00   

Total 309.80 304    

Potential to evaluate Between Groups 7.36 3 2.45 3.45 0.01* 
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and analyze a larger set 
of data 

Within Groups 213.79 301 0.71   

Total 221.16 304    

Avoid human judgment 

and error 

Between Groups 10.96 3 3.65 3.44 0.01* 

Within Groups 319.53 301 1.06   

Total 330.49 304    

Ease of investment 

Between Groups 6.53 3 2.17 2.27 0.08 

Within Groups 288.97 301 0.90   

Total 295.51 304    

Table 20 shows that the p-value is greater than 0.05 for the variables like Cost reductionand Ease of 
investment.Thus, the Null Hypothesis is accepted for all the four variables. On the other hand, p-value is less than 0.05 

for the variables like Potential to evaluate and analyze a larger set of data (F=3.45, p=0.01) and Avoid human judgment 

and error (F=3.44, p=0.01). Therefore, there is a significant difference between investors with different income on 

variables like Potential to evaluate and analyze a larger set of data and Avoid human judgment and error in Preference 

towards Robo Advisory. 

 

4.3.5 Hypothesis 6: There is no significant difference among the investors with different gender, age, income 

level and factors influencing the application of Robo advisory in investments 

 

Gender Vs Factors influencing Application of Robo Advisory in Investments 

 
Independent Sample t-test was conducted to test this hypothesis (Table 21) with gender as the independent 

variable and Factors influencing Application of Robo Advisory in Investments as the dependent variable. Factors 

influencing Application of Robo Advisory in Investments was measured using four variables namely “Additional tool 

instead of replacement for Wealth Advisors”, “Applicability”, “Lack of Emotional Support” and “Human Interactions in 

Decision Making”.  

 

Table 21: Independent Sample t-test between Gender and Factors influencing Application of Robo Advisory in 

Investments 

 

Factors influencing Application of 

Robo Advisory in Investments 
Gender N Mean 

Std. 

Deviation 
t-value p-value 

Additional tool instead of replacement for 

Wealth Advisors 

Male 237 3.51 0.81 
1.24 0.21 

Female 68 3.37 0.91 

Applicability 
Male 237 2.85 0.97 

3.78 0.00 
Female 68 3.37 1.03 

Lack of Emotional Support  
Male 237 3.81 1.16 

1.49 0.13 
Female 68 3.57 1.06 

Human Interactions in Decision Making 
Male 237 1.98 0.92 

2.14 0.03 
Female 68 2.26 1.07 

Table 21 shows that the p-value is greater than 0.05 for all the variables except Applicability and Human 

Interactions in Decision Making. Thus, the Null Hypothesis is accepted for the variableslike, “Additional tool instead of 

replacement for Wealth Advisors” and “Lack of Emotional Support”. However, p-value is less than 0.05 for 

“Applicability” (F=3.780, p=0.00) and “Human Interactions in Decision Making” (F=2.14, p=0.03). Thus, the null 

hypothesis is rejected and there is a significant difference between male and female employers for “Applicability” and 

“Human Interactions in Decision Making”.  

 

Age Vs Factors influencing Application of Robo Advisory in Investments 

One-way ANOVA t-test was conducted to test this hypothesis (Table 22) with Age of investors as the 

independent variable and Factors influencing Application of Robo Advisory in Investments as the dependent variable. 

Factors influencing Application of Robo Advisory in Investments was measured using four variables namely “Additional 

tool instead of replacement for Wealth Advisors”, “Applicability”, “Lack of Emotional Support” and “Human 

Interactions in Decision Making”.  

 

Table 22: One-way ANOVA Analysis between Age and Factors influencing Application of Robo Advisory in 

Investments 

 Factors influencing Application of Robo 

Advisory in Investments 
Sum of Squares df Mean Square F Sig. 

Additional tool instead of 

replacement for Wealth 

Between Groups 1.29 4 0.32 
0.46 0.76 

Within Groups 210.81 300 0.70 
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Advisors Total 212.11 304  

Applicability 

Between Groups 16.04 4 4.01 

4.07 0.00** Within Groups 295.63 300 0.98 

Total 311.67 304  

Lack of Emotional Support  

Between Groups 5.18 4 1.29 

0.98 0.41 Within Groups 396.85 300 1.32 

Total 402.04 304  

Human Interactions in 
Decision Making 

Between Groups 23.65 4 5.91 

6.88 0.00** Within Groups 257.70 300 0.85 

Total 281.35 304  

Table 20 shows that the p-value is greater than 0.05 for the variables like “Additional tool instead of replacement 
for Wealth Advisors” and “Lack of Emotional Support”. Thus, the Null Hypothesis is accepted for all these two variables. 

On the other hand, p-value is less than 0.05 for the variables like “Applicability” (F=4.07, p=0.00) and “Human 

Interactions in Decision Making” (F=6.88, p=0.00). Therefore, there is a significant difference between investors with 

different Age on the variables like “Applicability” and “Human Interactions in Decision Making” on Factors influencing 

Application of Robo Advisory in Investments. 

 

Income Vs Factors influencing the application of Robo advisory in investments.  

One-way ANOVA t-test was conducted to test this hypothesis (Table 23) with the Income of investors as the 

independent variable and Factors influencing the Application of Robo Advisory in Investments as the dependent variable. 

Factors influencing the Application of Robo Advisory in Investments were measured using four variables namely 

“Additional tool instead of replacement for Wealth Advisors”, “Applicability”, “Lack of Emotional Support” and 
“Human Interactions in Decision Making”. 

 

Table 23: One-way ANOVA Analysis between Income and Factors influencing Application of Robo Advisory in 

Investments 

 Factors influencing Application of Robo 

Advisory in Investments 
Sum of Squares df Mean Square F Sig. 

Additional tool instead of 

replacement for Wealth 

Advisors 

Between Groups 4.80 3 1.60 2.32 

 

0.07 

 Within Groups 207.31 301 0.68 

Total 212.11 304  

Applicability 

Between Groups 3.49 3 1.16 1.13 

 

0.33 

 Within Groups 308.17 301 1.02 

Total 311.67 304  

Lack of Emotional 

Support  

Between Groups 4.54 3 1.51 1.14 

 

0.33 

 Within Groups 397.50 301 1.32 

Total 402.04 304  

Human Interactions in 

Decision Making 

Between Groups 4.142 3 1.38 1.49 

 

0.21 

 Within Groups 277.21 301 0.92 

Total 281.35 304  

Table 23 shows that the p-value is greater than 0.05 for all the variables in Factors influencing the Application of 

Robo Advisory in Investments. Thus, there is no significant difference between the variables like “Additional tool instead 

of replacement for Wealth Advisors”, “Applicability”, “Lack of Emotional Support” and “Human Interactions in 

Decision Making” on Income. Therefore, the Null Hypothesis is accepted for all these variables. 

 

5. Major Findings  

An analysis of how investors see the employment of Robo Advisory in wealth management was done in the 
study. 305 investors from the Chennai Region of Tamilnadu, India, participated in this study. The results showed that the 

respondents possessed a respectable level of investment and wealth management knowledge. According to the overall 

findings, investors mainly invested in growth-oriented, growth-and-income-based portfolios. The majority of investors in 

the research had an interest in equity funds, balanced funds, shares, commodities trading, and other assets. Most investors 

believe that "Robo Advisory will serve as an Alternative to Personal Wealth Advisors." The investors in the survey 

estimate that it will take at least five years for Robo Advisors to totally replace "human-based Personal Wealth Advisors." 

A Chi-square test of male and female investors revealed that men tend to hold their investments for longer periods of time 

(preferably above 18 months). Contrarily, female investors show a strong preference for short-term investments (3–9 

months). Investors between the ages of 25 and 35 and 35 to 45 are most likely to make long-term investments lasting 

more than 36 months. 
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Investments with a time horizon longer than 36 months are more appealing to investors with incomes between 

Rs. 10 L and Rs. 25 L and Rs. 25 L to Rs. 50 L. On the other hand, investors with incomes below 10L are more likely to 

select short-term investments (9-18 months). The poll found that male investors had higher levels of investment expertise 

than female investors. Investors aged 35 to 45 have moderately to significantly more knowledge than investors aged 35 to 

45. Investors with net worths over Rs. 10L tend to be more knowledgeable than those with net worths under Rs. 10L. 

 

According to the study, "Potential to examine and analyse a bigger amount of data" was the main factor in 

people choosing Robo Advisory, followed by "Avoid human judgement and mistake" and "Ease of Investment." Based 

on demographic factors including gender and age, investors' preferences for various aspects of robo-advice did not 

significantly change. However, when it comes to "Potential to review and analyse a bigger amount of data" and "Avoid 

human judgement and error," there is a significant disparity in investors' preferences for robo advisory among those with 

different income levels. 
 

The findings indicate that, with the exception of "Applicability," there was no statistically significant difference 

between male and female investors on the most of the "Factors affecting Application of Robo Advisory in Investments." 

Similar differences exist across investors of various ages when it comes to concepts like "Applicability" and "Human 

Interactions in Decision Making". The application of robo advisory in investments was influenced by a variety of 

parameters, although investors with different income levels did not significantly differ on any of these characteristics. 

 

6. Implications 

For significant stakeholders, including investors who desire to use Robo Advisory in their wealth management, 

companies involved in creating and improving Robo Advisory applications for wealth management, and investment 

firms, the study's conclusions have a number of ramifications. 

 

7. Future Directions 
This study has a number of shortcomings. A small group of investors from the Chennai Region in Tamil Nadu 

were consulted for the research's initial stages. Despite the responders being randomly selected, the sample size was small 

(305). Additionally, just a few important factors—such as the scope of robo-advice, preferences for robo-advice, and 

elements influencing its use in investment decisions—were examined in the study. As demographic characteristics, 

gender, age, and income were also looked at. As a result, future research on investors' perceptions of Robo Advisory may 

make advantage of massive sample sizes scattered across numerous geographies and other variables. 
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