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Abstract
This is the type of work which presents the power of volumetry and give assesses over sentiments which will 
lead the social media to approachand predict crucial decisions from these platforms. One’s view plays an
important role in the discovery of the critical decisions. Social media is playing a important role for voicing the 
emotions and depict the feelings of the common population around the world for the centuries.Mining the 
general view or feeling of the population is the method known as sentiment analysis or we can call it as opinion 
mining.In this way ,the election results are been forecasted as an application under the sentiment analysis which 
usually aimed at the predication for the ongoing election based on the moods that people have by gauging social 
media. The techniques involving sentiment analysis outlined the survey of evaluation which makes the 
contribution in prediction for the election by the researchers with the help of the content over social media. The 
reviews over the political stance present all over the online platforms like facebook,Instagram or twitter had also 
tried for the infer which is being given by this paper. This paper leads in highlighting the challenges of the 
research which are being associated with the election result predictions and sentimental analysis has opened 
these issues. Moreover, this paper also includes some direction for the future over the prediction for election by 
the content over social media.

∑ Keywords: Opinion mining, Election prediction,Social media,Graph analysis, etc.

1. Introduction
These days it is often seen that people share their views or opinions using social media platforms that can be for 
any product or any topic may be an event even we see breaking news on the social media that to from anywhere 
all over the world .The analysis over such opinions in the field of sentiment analysis revolves pre-dominantly. 
Natural Language Processing (NPL) comes in the sub-disciplineof sentimental analysis from which the polarity 
of the textual data is being discovered. The way that finds out the sentiments which gives the polarity for the 
data which implies whether it is positive, negative, may be neutral of the given textual data. There are five levels 
in which the sentiment analysis are done word-level, sentence-level, and document-level, aspect-level [7], and 
sentiment analysis for concept-level. The polarity of the subjective sentence and affective word for the given 
text is analyzed by the word-level, sentence level and analysis for document level sentiment. The features or the 
aspects of any entity or for a product at the level of aspect sentiment analysisare selected for these targets so that 
we can found it. The words with similar meanings having the same concept are considered within the 
opinionated words that’s comes under the concept-level sentiment analysis. The novel ways for performing the 
task of opinion mining and sentiment analysis which is provided by the beyond level of the word -level 
sentiment for the text [22]. Moreover, the classification of the text is based which works by using semantic 
networks by the concept level method alike “flat rate which was the best thing happened this year,@UBER 
bring it back!!!”. The algorithms of the category are detected on the concept like “price” from the network of 
similar words (“flat rate” in this case) and the classification for the above sentence by the classification of 
sentiment is done by a “price” taken as a keyword. So the word”price” gives a positive review of uber.
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Fig. 1 Applications of sentiment analysis.
The volume as the volumetric approach, about the online follower that includes the likes over post and shared 
including the prediction about the election results. An aggregate about the election prediction that may be 
positive or negative for any party. The users on the social media that supports any of the political parties by 
discussing some of electoral by taken out by measuring the method of the centrality i.e. bidirectional, incoming 
or outgoing as the links in a structural graph. A detailed survey of papers and objectives of this paper survey are:

Fig.2 Predictive Modules Techniques for Social Media

∑ Gives a review over the analysis of sentiment: its techniques, introduction, applications and fields of 
advancement.

∑ The predication about the election can be related from the outcomes of the review over the social media.
∑ The association of the prior studies are identified by the research gaps.
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∑ Predication from the social media addresses some of the direction about the result of the election.
This paper is organised as: Section-2 that provides facts for the authors which motivates them for the current 
study. Then Section-2 gives us the terminology and the steps which gives the sentiment process of analysis. A 
comprehensive discussion is also given over some studies which uses the sentiment analysis for the methods of 
deep learning.Section-4 relates the detection for political stance and the also gives the explanation for stuff 
related to the prediction about the elections. Section-5 the prediction for the previous election and discussed 
with some points for important findings which are useful insights. Further, Section-6 which highlights the gaps 
of research in the related studies. Section-7 focusing over the fields which gives the direction about election 
prediction. At the last Section-8 the paper’s conclusion.

2. Motivation  
The manuscript that works over the data of the media which help on giving the prediction about the result on 

the election this really motivates the authors to work over this. Some of the crucial points are discussed below: 
One of the greatest desire of humans are the predictions which the given. For the fulfilment of the desire of the 
prediction, social media is the significant of it which has been proved correctly by the studies of social 
media([70], [39], [67]) has showed us the vast variety like as of finance, socio-political fields, marketing, uses 
social media for the prediction by the data. This section worked on the prediction through the social media and 
influenced us to work for the mining on the human behaviour. Thus, the result is made interesting by the author 
giving the prediction about the election. Further the motivated author gives the challenges in the prediction 
about the election. ([45])the social media having the data by the extracting the sentiments identifying the mood 
and the meaningful conclusion are drowned. A twitter plays a very important role as more than 500million 
tweets are posted daily and the more amazing fact is that around 6k tweets are tweeted per second. By the 
Twiplomacy studies which are conducted by the BCW for the study around the globe for the leaders that are on 
the social media which says that 97% UN members have an official account on the twitter. This study also says 
that in total we have 951 account of the government. Twitter seems to be among the best source for getting the 
data which helps for the prediction. The political parties, candidates that makes the stance about it.                                                                                   
Another reason for performing this reason is that it helps to have a idea about the sentiments which comes out as 
the tweets by the actors politicians as well as the common user over the twitter. These tweets are often about the 
various different topics which are the most common to trend. These tweets help us to give an idea about the 
sentiment which ultimately helps us to give a prediction for the decision. This analysis over the tweets also give 
the survey on the views related to the views about the electoral perspective which are evaluated on the basis 
their opinions on the ground levels. This survey on the ground levels cost too much on the consideration on 
manpower, money and time. The prediction which isgiven byaccessing the views of the extensive population 
obviously saves the men’s efforts and time too.
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Fig.3 Process of emotion analysis procedure
3. Emotion Mining Process 
A series of various data having the mining steps by the uses the multiple disciplines as the extraction of 
information, natural language for processing, machinelearning, and statistics. The process is further depicted 
below in fig.3 
3.1 DataGathering

The very first step taken in the sentiment analysis is the process of the data collection. There are many sources 
for collecting the data as form the online forums, online data repositories, chat history and by other media 
platforms like twitter facebook, etc [19][20][22]. Summarized20 very popular benchmarked in literatures. While 
using the data from any sites there are many keywords which are used for mentioning @, # are used as the 
collection of the data by the mentioned [25]. There are two approaches for the collection. By the first approach 
the researchers develop from the scrap data which is scripted, the other is collecting data from the third party 
software.
3.2 Data Initialization
IN this the data is pre-processed for the cleaning and the filtering of the data which verify that the data is 

correct. The data is basically taken from the social platforms and a check is made for the misspelled, slang 
words, and the abbreviation which are made by the users and the spaces of the classifiers approach for 
sentiments. Data is corrected and the addition of the lower case to the English is done for stemming the textual 
data. The data is further filtered by discarding unwanted data for classifiers for the given data. The data collector 
keeps their dataset.
3.3 Sentiment identification 
In this we find the opinionated words to discover the sentiment for the given data .the subjective and the 
objectives are classified for the analysis for the subjective text and discarding of the objectives are made as the 
subjective text are very rich in the sentiment related words and the opinions and the objective implies opinions 
or sentiments. “Last month we bought a car, and the wiper of the windshield has fallen off” [30] that does not
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contain opinions for the sentiment which are negative towards the opinion for the car. Identification for the 
sentiments are done by using the learning about the machine based techniques in Fig .3.
3.4 Feature extraction and Feature Selection
A very important role is played in the sentiment and the features of the elimination is ignored and the degrades 
of the model is classified [32] . Two names are classified into the two categories named as semantic features and 
the syntactic features [33].Syntactic features are frequently by the features (TF-IDF), (POS). These features also 
reveal the sentiments of positive and the negative for the opinion, concept, and negation called vectors for the
Global vectors for the word representation [35] for the corpus with the vectors of the word. The log-bilinear 
model of the regression for the unsupervised for the word representation of the learning.
FastTex [37] which helps in the finding for the vector representation that are not present in the dictionary and 
the words which are not present in the dictionary are the are words .Embeddings from the language models 
(ELMo)[38]which uses the terms of the beeps as the terms for the long terms memory that are bi-direction of the 
memory .the words of the dictionary are fir the correspondence of the vectors ,the context for the word used for 
the analyses are within the ELMo.
Bidirectional encoder representation from transformers (BERT)[40] that uses the transformer that gives a model 
for trying for the contextual relation for the text of words . BERT has a pre-train for the representation for the 
text which is unlabeled text of the bidirectional representation. 
Generative pre-trained transformer -2 (GPT-2)[42]are trained to predict the coming word of 40 GB text.GPT-2 
is for the approach for the model of the language to be unsupervised .
3.5 Emotion Classification 
For the analysation over the positivity and the negativity about the number in large gives out the opinion about 
the users and the text gives the determination for the sentiments used for the analysis for the approaches 
([22][31][48])studies used for the supervisation for the learning of the machine are (([17][21][49])Further the 
sentiments for the analysis are clustered-based agglomerative algorithms and many mores ([26][51][58])deep 
learning as a subfields in the machine learning g ([55][71][78]).for the dictionary on the manual creation which 
are used for the analysis of the sentiment are linguistic inquiry and the word count ([62][63][60][77]).the 
methods of build in required for the aspects of explicit and implicit for the learning phase (Perez Rosas et al. 
2013). The CNN, RNN, ReCNN, for the neural network [66]. The state-of-theart studies as mentioned in 
[61].The analysis over the sentiments for the learning models had given an comparison using the deep learning. 
Further,([54][52][50]) The open challenge in the field of relation throw the open challenge in the paper. The
hybrid approach is for machine learning based on the lexicon approaches ([56][57][58])). Many studies 
([38][47][54]). Training were also done for the testing of the datasets ([33][45]). A drawback for using the 
hybrid is the approach for the sentence those are complexesand are irrelevant and noisy and frequent and fails in 
the detection of any sentiment on a natural score [76].
3.6 Polarity Report 
It provides the public opinions as the outcomes about any particular entity. The result for the sentiment analysis 
in many of the studies s ([69][70][73]) about the content over the mining emotions and the analysis over 
sentiments in the deep emotional categories 
4. Related work
The social analysts and many more researches all around the globe tends to predict about the prediction for the 
outcomes of the election. They also give a short overview for the work done by them and the related studies for 
the summarize even that also depicts about the social media in the table 2.
4.1 Social Media dataset Prediction
In this sub-section we include the comprehensive reviews that bring out the researches over the prediction over 
the results of the election. ([45][66]) concluded that “the profits over the sentiments by the profiles of the 
politicians that reflect the often nuances for the campaign of the election and the data reflected by the tweets on 
the results for the election. On this, [11] worked on the prediction and the demonstration that reported by [12] 
that mentioned several reasons mentioned in the paper. That considered the twitter data by the capability for the 
analysation the shares for the 2011 election([9][10]) analysation of the Irish election in 2011 that explained the 
sentiment-based and the measures over the volume based were better than the other measures in the terms of the 
prediction .[74] that US senate about the election in 2010 about the congressional election and the majority of 
the people were irregular on the social media that does not considered as the sample of the representatives that 
found to be incorrect for the majority of the people . In the general election held in the UK in 2010 [78] showed 
the rewetted graph on the visualisation on the party structure about highly segregated. They gave the real-time 
analysis on the data over the twitter before the year 2012 that had the largely driven on the public sentiments 
and the campaign for the political events for the emergence .and unfolding the news .[60] took the correlation
between the Real Clear Politics (RCP) that were feasible for the prediction on the results of election. [44]Apply
the social networking for the analysis for the mining on various campaigns in Pakistan in the year 2013 that 



International Journal of Early Childhood Special Education (INT-JECSE) 
DOI: 10.9756/INT-JECSE/V14I2.500 ISSN:1308-5581 Vol 14, Issue 02, 2022

4524

were to mobilising them to vote. The research done [69] that helped in finding the social trends of the dynamics 
in the data of the twitter of the data over the internet. [33] used the data of the twitter by the network of the 
structure based on the analysis and investigated 2012 election for the president that turns into getting some of 
the combination from the social media . [34]That gave the prediction for the three countries of EU by analysing 
the tweets by the users related and the evidences of an inductive by the data over the social media. [71]That took 
data from various online sources. The result also claimed that a political communication is also influenced tool 
and showed the emotional appraisals by the tweets about the candidates and correlated by the large no. of the re-
tweets. Here [7] investigated on the effectiveness of the data on the twitter used for the prediction about the 
2016 US election for the president .CNN used the sentiments of the public for the candidates and by this 
methods of volumetric method that does not proved not be as good predicator but the sentiments prediction 
method proved to be very effective in giving positive results. [3] analysed that the candidate of the Bharatiya 
Janata Party (BJP) that is the national party of the politics of the India that showed a  positive result in the 
possibility in the winning of the election by improving the sentiment analysis about the prediction of the 
election. [2] That analysed the data of the twitter working on the work structure and showed the structure of the 
graphs and the produced content use in the accuracy in the prediction to

Table-1Study of related work
Authors Data Source Techniques Algorithms Outcomes

Bose
(2019)

Twitter Emotion Mining NRC lexicon
Parallel dot API

positive

Awais
(2019)

Government 
Websites

Volumetric Optimization positive

Bilal
(2018)

Twitter Sentiment analysis RNN Positive

Jungherr
(2012)

Twitter Volumetric Common Approach Negative

P Chauhan
(2021)

Twitter Hybrid Optimization Positive

LC Chen
(2020)

Twitter Sentiment analysis CNN Positive

Table-2Studies of social media comments and analysing Accuracies
Authors Platform Techniques Accuracy
Tsakalidis
(2018)

Social Media Multiple 
Convolutional 

88.31%

Preotiuc-Pietro
(2017)

Social Media Graph 
Regularization 

27.6%

Zubiaga
(2019)

Social Media Maximum Entropy 90%

Idan 
(2019)

Social Media Supervised 
Learning

82.5%

P Chauhan
(2021)

Social Media Deep Learning 97.89%

Determine that whether the candidate will win or lose. [1] used to monitored the two campaign by the highest 
accuracy rate by using the sentiment of analysis and Hopkins and King method of statistical to analyse the 
preference by the users of the twitter .A textual data showed a better interpretation  in the prediction that were 
more accurate and the results were more reliable .That gave the semantic that were based on the detection 
opinions ever the prediction by the twitter users .[2] Used Hindi language for tweeting to the five political 
parties of the nation .[3] classifiers of the sentiment that were SVM and NB for the public that were towards the 
presidential in the election of the Egypt in 2012 that’s candidate for the presidential seats . The NB was more 
fast and was accurate than the SVM [4] a real-time sentiment and an analyser for the prediction over the election 
by giving the successful prediction by combining the two machine classifiers. [5] Utilized the different sources 
about the past 4 election by the public polling. This technique optimized the technique for finding the wining 
probability about the candidate of the country for the every constituency.
4.2 Social Comments Analyzing
In this subsection the work is focused on the political stance giving the preference by the social media users  that 
were based on the voting preferences by the post and online debates that they took as in the favouring targeting 
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the electoral and to get over the political debates [7]getting the accuracy achieved in the prediction  about the 
latent in the reference of the political .[9] gave the  content giving the signals for the preference of the 
classification that contained the content by self-authored . also, [10] classified on the basis of age ,gender ,from 
the content taken from the twitter classified the intensions by the sharing views on Scottish Independent 
Referendum  that whether they were in favour or not .Moreover,[11] [12] that explained the ideology for the 
neutral users group in the political. Further, [14] discussed the movements of the three territories that included 
the supporters and the non-supporters in the national movement. The network was also discovered the structure 
which played a very important role in determining the stance of users over the twitter.
5. Discussion and findings 
Some of the trends were analysed by the researchers by predicting the results of the election .A section also 
highlights the reviewing the major finding of the literature .Figure 4 explains the APS about the social media by 
the crawling data .they are various approaches that were used the sentiment approaches and the volumetric and 
the analysis approach by the network of the social network and the combination brings the effective in the 
prediction about the election.

Fig. 4 Visualization of applicable techniques 
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Fig.5  Emotion Detection Techniques Fig.6 Prediction Detection Techniques

The other researches include the learning methods using the machine, using the hybrid methods that illustrate 
the elections outcome. These studies in this paper depicted the linear trend line approaches over the elections 
that were based on the deep learning for the lexicon that gets down the approach overtime.

Fig. 7 Graphical Representation of social media analysis data year-wise
5.1 Major findings 
∑ Used for the prediction of the results of the election using twitters as a corpus.
∑ The collection of the streaming API is maximum used in the studies. 
∑ An analyzation by the time researchers that were the sentiment -oriented used for the prediction results and 

the campaigns of the politics.
The detection on the social media by the emerging of the intelligent approaches of the computational for 
the complexes prediction that results in the successful positive prediction. 

6. Research challenges 
From the study of literature for predicting about the result of the election yet there is no valid prediction model 
in the felids for it .the crucial challenges were depicted to show the gaps and the data is pre-processed for the 
sentiment analysis in the open research.
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6.1 Multilingual and geo-located content 
Many language options are provided by the social media for the users comfort. Multi-language texts still make 
us to experience while analyzing the sentiments. the important role is played  by the  location of the users in this 
prediction as it presents a scenario that may be more irrelevant and the part of the country by the tweets . The
location is hidden by the user. [15] a model is proposed for the prediction which uses the geographical  location 
to find the location from the collected data of the twitter .
6.2 Embedded URL links 
Uniform Resource Locator (URL) is contained by some tweets which links to the text,audio,image and can be 
explore some hidden sentiments too. The prior analysis is done by pre-processing some valuable information 
that can be lost in conveying the users.
6.3 Accuracy
The main challenge in the election is the accuracy in the prediction. Data is being taken in the raw form taken 
from the different location containing the noising over the wrong prediction. The flaws of the analysis over 
simple sentiment by the approaches of the lexicon-based machine -based learning.
6.4 Irrelevant Data Processing
Some bots accounts are made for spreading disinformation, spam’s, about the entity. Irrelevant tweets are 
developed by predicting model for challenging and classifying these problems.
6.5 Topic monitoring 
The hot news about many politicians are made during the election and the extraction of short texts to extract 
correlated events of the categories. Robust topic used for extracting by the model techniques.
6.6 Swing voters 
The mood of the users change with time that is even obvious .the most challenging part is to monitor the stance 
of the public and electoral the politics.

Fig.8 Research challenges API
6.7 Mining of sarcastic Comments
A new trend is there called a sarcasm which many times really hurts the person and seems to be saying in a 
positive sense .It’s very tough to find the nuts of these sarcastic tweets.
6.8 Collective Predictions
A very dominant and a fast growing need in this competitive word that can help in taking the decisions that are 
predicted. The challenge which is faced in the prediction of the results is in lies which come out and the results 
may shows the biasness in the prediction [16].
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6.9 Communicative Complications
A problem is faced during the analyzing the sentiments that’s shows the content of the social media about the 
people. Sometimes many userscreate double meaning, slangs, abbreviations that are hard to crack or to interpret.
6.10 Target dependency 
More the one entity names are contained in the messages on the social media that in included in the tweets. The
sentiment that works for the analyzer targeting to find the correct sentiment for the multiple candidates in the 
given sentences [18].
6.11 Artificial Intelligence Based Classifier Used 
The sentiment analysis uses the standard machine approaches in the prediction task, and the dataset for the 
results about the election prediction of any country that in turns into a big challenge.
6.12 Multimode Data
The people do not limit themselves during the period of election and shares a textual data over the social media 
involved sharing of the images, audio,and giftsemoticons. Extraction of the data is this type is very different task 
by analysis, combining and getting sentimental. The problems are also researched in depicted and problems are 
faced to depict the actual results containing the sentiments.
7. Future directions 
Some of the suggestions are given for the researchers in this section while thinking about predicting sentiments 

for the analysis by the data from social media. Holding the continents or countries for our knowledge that can 
hold the elections prediction [20] suggest and algorithms and can describe that before any prediction the 
biasness is avoided. While the announcement relists the true semantics that are interpret. The prediction task is
also suggested [21]. The data In the textual form is not limited over the platforms of the social media and the use 
of emojis, images, videos, gifs is highly involved. the eligible users are found collecting the age-restricted and 
geo-located tweets and the multimodal data may also be examined .for avoiding the biasness of the age and the 
location a research challenge section is discussed.[22][23][24] geo-locations need more work to be done 
.[25][27]gave the suggestion over the analysis for the multilingual tweets that may help in the prediction during 
the time of the elections . Bot accounts are removed to get a valid data for the prediction. [29] suggested a ways 
to deal with the spam massage , bot accounts .To enhance the method for the prediction about the election 
results  in the studies of deep learning and methods of soft computing is adopted .users are also considered along 
with the preferences ,prediction ,and political stance .studies in [30][31][32 ]said that in the  election fields of 
twitter has the potential of predicting the results . The data is also taken from the other sites too like as 
Instagram,facebook for the combined analysis for better prediction. [36] gave the analysis process of tweets and 
replies with links embedded URL with them. [38] Used the modelling techniques for the event happening that 
are used to correlating the categories. a suggestion over the modification by the handlers of psychology by the 
collaboration with the swing voters in the prediction of the elections .The accuracy that’s depends on the pre-
processing techniques depending on the polarity  that’s are suggested by Chung and [39][40][41][43]. Gave a 
suggestion that is need more research against the flaws of methods like machine learning and the methods of 
lexicon. [47]Concluded as “the rigorous approaches for analytical methods and for the collection of the data 
should be focused on the robust”.
8. Conclusions
Predicting about the election is very old in many fields and there are many methods to perform this task. As 
nowadays a lot old things have changed and people do analyse and predict about the result many researches 
highlights the sentiment analysis about the views of the public and its techniques is given. The immense amount 
data is taken from the social media from the different sources. It also explores the researches that needan
attention to make the prediction more accurate. the trending approaches by the communities gives the numbers 
of positive and negative prediction that’s explains the sections in the discussion .this paper concluded the terms 
for the predictions involving the researches and many standard learning models that are implemented by the 
deep learning and the unexplored area doo needs a attention so that a correct prediction can be made.
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